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Fig. 2 Overview of this research initiative
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Fig. 3 MBSE Meta Structure
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Fig. 4 Example of MBSE modeling Framework

Table 1 Example of MBSE Validation Rule

# Element VaridationRule

1 |Requirement |Requiement® Refine %iiTestCased Thalk

2 |Requirement |Requiement# Refine ¥ 5MiiLogic. TestCaseMHTH oL
3 |Requirement |Requirement (ZLogichVs satisfy 2N TLEHELHS

4 |Requirement |RequirementitLogich's Refine 2N TLSiEH S
5

6

7

TestCase TestCase® Refine kl3Requirement®d THHTE
TestCase TestCase® Refine FaMidRequirement. TestCased CHa L
Function Function# Refine 95E % HLTE
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Fig. 5 Configuration of Knowledge Graph RAG
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Table 2 Question Pattern Classification
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Fig. 6 Generative Al Response Accuracy Evaluation Results
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Fig. 7 Practical Example of Q&A
in the Graph RAG Approach
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Fig. 9 Example of applying MBSE-MBD collaboration

MBSE-MBDH#EIC X O 8XFE 1E AT SRMAERE & AR
HOEEZ B TE, RN ER 7208 U C 38 D RE Rk
MTEBT EDMRTE (X10).

BN

60%

40%

Required Time

20%

0%
Current MBSE-MBD collaboration

B Configuration of Input Condition
B Organization of Analysis Result

Study of Input Condition
B Analysis Execution

Fig. 10 Efficiency from MBSE-MBD collaboration
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